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Big data cleaning modeling of operation status of coal mine

fully-mechanized coal mining equipment

MA Hongwei, WU Shaojie, CAO Xiangang, XU Boyuan, ZHANG Xinyuan
(College of Mechanical Engineering, Xian University of Science and Technology, Xian 710054, China)

Abstract: In view of problems of large amount of data and noise and missing values existed in data of
operation status of coal mine fully-mechanized coal mining equipment, a big data cleaning model of
operation status of coal mine fully-mechanized coal mining equipment based on MapReduce was
established. The model is composed of dual MapReduce. Noise points and missing values in data are
corrected and multiple cleaned data files are output through the first MapReduce. The multiple cleaned
data files are sorted according to collection time and date and combined into a single data file through the
second MapReduce. The experimental results show that the model can effectively eliminate noise data and
complement missing data with good data cleaning effect.
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Fig. 2 Big data cleaning modeling flow of operation status of
coal mine fully-mechanized coal mining equipment
based on MapReduce
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Fig. 3 Raw temperature data of shearer traction inverter
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