5543 % 5 W I 5 B I & Vol. 43 No. 5
2017 4E 5 H Industry and Mine Automation May 2017

§ i

, EHarR !

]| ’
NERE.1671-251X(2017)05-0022-05 DOI:10. 13272/j. issn. 1671-251x. 2017. 05. 006
Mg, RTEEE AR L] Ty Aahfk.2017,43(5) . 22-26.

RTHAEEZINRE RN B E
BEE. vIE

CRES PR AEsD PR 5E R TR BE . Jbat 100083)

WERET—AATEBEZZFIGRBERAN T R, Hr F A AR S BRI 4% PRREE BB
AR KRG F ] BV AF R A IE B LT AT IR R AR AR 8 B A AR AR R BB & R AR R MR AE S 8 B A A
MERMEHER ARB S EPANARRBERA > LB RATHEZ R, TRERKA . A TR HFKBEY
LBP 442 . HOG # /42 .GLCM #F 42, 5 & T B X35 & \LDA ITML ¢4 5378 5 sk Ak 2 7 sk A A £ 5 49

-S| [
KEW MEZRAN; XM WEBIERK; BREEEFT
HFE 425 . TD67 SCHR bR &S A 2% )RR B A 0 2017-04-25 17 :46

2% R # ik s http: //kns. enki. net/kems/detail/32. 1627, TP. 20170425, 1746, 006, html
Coal-rock recognition method based on distance metric learning

WU Yunxia, SHEN Shaofei
(School of Mechanical Electronic and Information Engineering, China University of

Mining and Technology(Beijing), Beijing 100083, China)

Abstract: A coal-rock recognition method based on distance metric learning was proposed. In the
method, features of coal-rock images are extracted firstly from training sets of coal-rock images. Then a fit
distance metric is gotten, which can make distance between any two features of coal samples or the ones of
rock samples smaller and distance between features of coal samples and rock samples bigger, so as to
improve classification and recognition effect. Finally, classifier is used to recognize coal-rock. The
experimental results show when extracted coal-rock features are LBP, HOG or GLCM features, the
method has higher coal-rock recognition rate than coal-rock recognition methods based on Euclidean
distance, LDA or ITML.

Key words: coal-rock recognition; classification and recognition; coal-rock feature extraction; distance
metric learning
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