5547 % 5 2 ) I 7 8 I & Vol. 47 No. 2
2021 4F 2 A Industry and Mine Automation Feb. 2021

Fagiagin gt <lb 2lb <IE S St St gl gl gl S

FRE U L R AE RS

R S SIS SIS SIS B S S S B S S e 2 ¢

NEHFS:1671-251X(2021)02-0013-05 DOI:10. 13272/j. issn. 1671-251x. 17702

R FTEEZRKERS Eﬁ*ﬁiﬂﬂ?‘iﬁi@

*Z]%—*ﬁ?}llza ,%;H,%jtz k‘

(LA E & RS R 28 [0 8 Reds il 207 30 TR O T8 B 221116;E|
2. P EF KR FESEH TSR, 105 RN 221116) iR 3 b 52

BE.RAFRARAKEERBT RS A THAEATBENS, FANTTEZ0E 2R RaANEILELA
RIFom =& 8 m A EHERENM T ZTAERLE R, #F«#}%I”‘/F}’JT"F%\L.XJV LB AL R B IR )
B JB b R %ﬂ%ﬁiﬂ%éﬁﬁk‘f,\»#mm-ﬁ’:ﬁ%:%ﬁ FRM Tk g A KA IR A T ATAZ B AT A AL 5 B
FARBAE KA R A A A ARk AER, X‘f%%*%&“]’@ﬂ'%kﬁ‘#%/ﬁﬁﬁﬁr A EIARE, Z B W
FEBANE LA TLZpE L AR AT HT I ERABRLELE . rdE FFHNMNERFIH L
M, FILERER,ZES kA — k%ﬁTT&«fﬁfai&uﬁéeﬂﬁafr%umlﬁfraa B 4% . 4 7@1:@3%7@ 50 Wi /s.,

KB AETHAN; KEMBEA; FRARKK; Frhan; FxX£25

42545 . TD67 SCHR AR B AS : A

Anomaly detection method of inspection video for coal mine

underground roadway deformation
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Abstract: When using intelligent video inspection technology for underground coal mine underground
roadway deformation detection, the commonly used background difference algorithm cannot meet the
requirements of inspection video background modeling due to the requirement of the input images having
good temporal and spatial continuity. According to the characteristics of uniform speed, directional
movement and periodic acquisition of video data of the deformation inspection robot in underground coal
mine, an inspection video anomaly detection method is proposed. The method segments the inspection
video with the inspection robot positioning information and extracts the corresponding key frames. Then
the method establishes a background model based on the mean hash algorithm, and performs feature
tracking on the frames in the background model to obtain correction. The method carries out a difference
operation between the background model and the key frames to generate a binary mask and perform
denoising and closed computing processing. Finally, the anomaly detection results are output and the key
frames are updated. The experimental results show that the method can locate key frames and detect
abnormal targets accurately under certain conditions, and the detection speed reaches about 50 frames/s.
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Fig. 1 Detecting and update process of background model
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Fig. 2 Anomaly detection result of background model
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based on background difference
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Fig. 4 Anomaly detection results of inspection video for underground roadway deformation
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